
1 

Socially Responsible Investing Strategies under Pressure:  

Evidence from Covid-19 

 

 

Gunther CAPELLE-BLANCARD 

Adrien DESROZIERS 

Olivier David ZERBIB 

 

 

First draft: June 2020; This draft: January 2021 

 

 

Abstract: By matching socially responsible (SR) stock indices worldwide with their conventional 

benchmarks, we study the resilience of SR investment strategies during the Covid-19 crisis. Overall, SR 

indices exhibited dynamics very similar to their benchmarks. Our sample is composed of 573 SR stock 

indices from MSCI, STOXX, and FTSE. In the first half of 2020, the average daily return was –0.11% for 

SR indices and their benchmarks, with annualized volatility of 40% for each. SR indices remained very 

close to their benchmarks during both the “fever period” (Feb. 24-Mar. 20) and the “rebound period” (Mar. 

23-May 29). However, financial performances of SR strategies exhibit substantial heterogeneity: SR impact 

strategies slightly out-performed their benchmarks. In addition, the resilience of SR strategies was a little 

stronger in countries where and during periods when the number of Covid-19 cases increased.. In 

robustness checks, we control for public attention to the Covid-19 pandemic, as well as the economic 

effects of new policies implemented during the crisis, including lockdowns, and fiscal and monetary policy 

changes. These findings call for a selective investment strategy by SR investors if they expect that their 

preferences also deliver financial outperformance in times of crisis.   

Keywords: Covid-19, Socially Responsible Investing, Corporate Social Responsibility, ESG performance, 

Passive management. 

JEL Classification: G12, G11. 

  

 
 The authors thank Helen Chiappini, Alexandre Garel, Emanuela Giacomini, Jesse Grabowski and Thomas Renault, 

as well as participants at the Alliance Sorbonne Webinar and the 4th Social Impact Investments International 

Conference (Sustainable Investments and Covid-19 pandemic) for their fruitful comments. 
 Université Paris 1 Panthéon-Sorbonne (Centre d’Economie de la Sorbonne) and Paris School of Business. 106-112 

boulevard de l’hôpital, 75647 Paris Cedex 13 France. Email: gunther.capelle-blancard@univ-paris1.fr. 
 Université Paris 1 Panthéon-Sorbonne (Centre d’Economie de la Sorbonne). 106-112 boulevard de l’hôpital, 75647 

Paris Cedex 13 France. Email: adrien.desroziers@univ-paris1.fr. 
 ISFA50, Avenue Tony Garnier 69366 Lyon Cedex 07. Email: o.d.a.zerbib@tilburguniversity.edu. 

mailto:gunther.capelle-blancard@univ-paris1.fr
mailto:adrien.desroziers@univ-paris1.fr
mailto:o.d.a.zerbib@tilburguniversity.edu


2 

Socially Responsible Investing Strategies under Pressure:  

Evidence from Covid-19 

 

“Why can’t we give love that one more chance?  

 ‘Cause love’s such an old fashioned word,  

 And love dares you to care for 

 The people on the edge of the night 

 And love dares you to change our way of 

 Caring about ourselves 

 This is our last dance,  

 This is ourselves  

 Under pressure” 

– Queen & D. Bowie, 1981. 

 

1. Introduction 

The Covid-19 pandemic has been, for many, an eye-opener to the ecological risks threatening 

humanity. These fears are not new, but this unprecedented crisis, which has seen more than one 

million dead and half of the world’s population on lockdown, has revealed previously unsuspected 

fragilities in global economic systems, and voices are increasingly calling for radical reforms. 

These calls come from all sides, including from the heartland of the economic systems: the 

financial sector. According to Mark Carney, the United Nations Special Envoy for Climate Action 

and Finance, investors have an “enormous strategic opportunity” to shift towards a sustainable 

future in the wake of the Covid-19 pandemic, and “win the peace”.1 Similarly, for Larry Fink, 

BlackRock chief executive, “we are on the edge of a fundamental reshaping of finance”2, while for 

J.P. Morgan, “the Covid-19 crisis is accelerating the trend for a more sustainable approach to 

investing”.3 

It is certainly too early to claim that the Covid-19 pandemic will mark a turning point in favor of a 

better integration of environmental, social and governance issues – the so-called ESG factors – 

into firms’ valuation. However, some evidence seem to point in this direction. For instance, on 

April 3, 2020, in the midst of the Covid-19 crisis, The Financial Times reported that two-thirds of 

ESG investment funds outperformed the major indices during the Covid-19 outbreak (Darbyshire, 

 
1 Seize your chance to fight climate change, U.N. envoy Carney tells investors, Reuters, June 5, 2020. 
2 A Fundamental Reshaping of Finance, Larry Fink’s Letter to CEOs, 2020. 
3 Why COVID-19 Could Prove to Be a Major Turning Point for ESG Investing , July 1, 2020. 
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2020). Similar observations have been reported by Standard & Poor’s and MSCI.4 Several recent 

academic papers also point in this direction; Albuquerque et al. (2020), Broadstock et al. (2020), 

Ding et al. (2020) and Garel and Petit-Romec (2020a, 2020b) show that individual stocks with 

high ESG scores performed better during the Covid-19 pandemic than stocks with low ESG 

scores. In addition, Pastor and Vorsatz (2020) find that SR funds performed better than 

conventional funds. However, Demers et al. (2020) find that ESG scores offer no significant 

explanatory power for stock returns during the Covid-19 and warn against a “premature 

celebration” of ESG factors as portfolio hedges in time of crisis.  

This study is part of the stream of research aiming to analyze the resilience of different socially 

responsible (SR) investment strategies in the time of the Covid-19 crisis. Compared to the 

contemporaneous literature, our contribution differs on three points. First, we analyze stock 

indices rather than individual stocks or mutual funds. Indeed, as opposed to individual stocks, SR 

indices are characterized by portfolio strategies that are consistent with the investment portfolios 

of SR funds, which are the main investment vehicles for SR investing (Chen and Scholtens, 2018). 

In addition, as opposed to mutual funds, comparing SR indices with non-SR indices helps limit 

sector and geographic biases and eliminate the bias related to the manager’s abilities. Controlling 

for these biases is all the more important as the performances of active funds diverge from their 

benchmarks in times of high volatility (Agarwal et al., 2017). Second, we carry out the analysis on 

a global scale, covering most major stock markets, which allows us to improve the identification 

of the relationship between the severity of the Covid-19 pandemic and SR resilience. Third, in 

addition to comparing SR with conventional strategies, we also compare different SR strategies 

with one another. Indeed, the heterogeneity of SR investment is often overlooked. SR strategies 

differ along one or several of the following four lines: (i) broad ESG indices versus indices 

focusing on environmental, social or governance issues separately (Pastor et al., 2020; Pedersen et 

al., 2020; Zerbib, 2020); (ii) the most demanding indices in terms of ESG scores versus the less 

demanding ones (Barnett and Salomon, 2006; Capelle-Blancard and Monjon, 2014); (iii) best-in-

class versus exclusion strategies (Hong and Kacperczyk, 2009); (iv) whether they are indices 

seeking to have an impact (i.e. with the intent to contribute to measurable positive ESG impact) 

versus those that do not (Barber et al., 2020; Oehmke and Opp, 2020; Landier and Lovo, 2020; De 

Angelis et al., 2020). 

 
4 Major ESG investment funds outperforming S&P 500 during Covid-19, S&P Global Market Intelligence, April 13, 

2020. MSCI ESG Indexes during the coronavirus crisis, MSCI Blog, April 22, 2020. See also Demers et al. (2020) for 

additional examples. 
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In this study, we examine 573 SR stock indices provided by MSCI, STOXX Limited (STOXX), 

and the Financial Times Stock Exchange group (FTSE). We match each SR index with the 

benchmark index in its prospectus that is a counterfactual conventional index. We classify all SR 

indices according to the four main criteria listed above. We also categorize the indices with 

respect to the size of the firms (small, mid, or large capitalizations) and the geographical areas 

(developed or developing countries) on which they focus. Then, we perform an empirical analysis 

by estimating three types of specifications. First, we compute (model-free) performance and 

volatility measures based on raw returns. Second, we analyze the sensitivity of the SR indices to 

their counterfactual conventional indices by regressing the returns on the SR indices on those on 

their benchmarks and the small-minus-big (SMB), high-minus-low (HML), and momentum 

(MOM) factors of the Carhart (1997) model. Third, we add to the previous specification the 

characteristics of the SR indices and the daily number of Covid-19 cases from the John Hopkins 

University global database. 

Our main results are the followings. (i) Overall, we show that the SR indices have exhibited 

dynamics very similar to their benchmarks. In the first half of 2020, the average daily return was –

0.11% for SR indices and their benchmarks, with annualized volatility of 40% for each. 

Specifically, SR indices remained very close to their benchmarks during both the “fever period” 

(Feb. 24- Mar. 20) and the “rebound period” (Mar. 23- May. 29). Our findings are consistent with 

the conclusions of Demers et al. (2020): it is unclear whether SR investment strategies have acted 

as an effective hedge in time of the Covid-19 crisis. (ii) However, the resilience of SR strategies 

was a little stronger in countries where and during periods when the number of Covid-19 cases 

increased. (iii) In addition, financial performances of SR strategies exhibit substantial 

heterogeneity: specifically, the few SR strategies aiming at having an “impact” showed stronger 

resilience than their conventional benchmarks during the Covid-19 crisis.  

We support the results of our baseline analysis by implementing several robustness tests. First, we 

use several other controls (Capelle-Blancard and Desroziers, 2020): (i) the public attention to the 

Covid-19 pandemic over time and in each country using data from Google Trends; (ii) a market 

volatility index linked to the publication of articles on infectious diseases (Baker et al, 2020); 

(iii) variables capturing public authorities’ responses to the Covid-19 crisis, including: the Oxford 

Covid-19 Government Response Tracker (OxGRT) on the degree of social, economic and health 

domestic response to the pandemic, used as a proxy for lockdown policies; and a combination of 

variables constructed from the Yale Program on Financial Stability (YPFS) on economic policy 

announcements by country, used as a measure of fiscal policy intervention. Second, we consider 

several subsamples based on different geographical regions (North America, Europe, Rest of the 
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world). The use of these additional controls and the analyses of these alternative subsamples yield 

conclusions in line with those of our main model. 

These results have several normative implications. First, they encourage SR investors seeking 

financial resilience to be very selective in their choice of investment vehicles and to favor impact 

funds when they can. Second, impact strategies have the advantage of diversifying the exposure of 

investors who do not necessarily have non-pecuniary preferences by providing potential benefit in 

time of crisis. Third, these conclusions remind investors that ESG ratings and labels are not 

necessarily predictive of financial performance (Peladan et al., 2020): a company can be very 

green and not show any particular outperformance. As such, although we are convinced that 

finance should care about CSR in general and ecology in particular (Scholtens, 2017), our results 

suggest that the decision to invest in SR strategies should not be based primarily on the search for 

financial performance, but on the willingness to have an impact on the environmental and social 

practices of firms (Capelle-Blancard and Monjon, 2012). 

The remainder of this paper is structured as follows. Section 2 presents the stakes, the literature 

and the hypotheses. Section 3 describes the data and the methodology. Section 4 presents the 

results and the robustness tests. Section 5 concludes.  

 

2. Literature and hypothesis 

2.1. Related papers 

The Covid-19 crisis has provided the researchers with a unique opportunity to explore how SR 

investment strategies fare under stress (See Table 1 for a synopsis). Alburqueque et al. (2020) note 

that because the Covid-19 shock, unlike previous shocks, is totally exogeneous to financial 

activity, it can likely provide a cleaner test of the effects of environmental and social policies on 

stock market returns.5 

 
5  Previous papers also examined the resilience of SR indices during the 2008 Global Financial Crisis (GFC). 

Erragragui et al. (2020) consider both developed (US, UK, Japan, Canada, Australia) and emerging economies 

(Brazil, India, South Africa) from 2008 to 2014. They conclude that SR indices have higher alpha despite the fact that 

they are more sensitive to systematic risks. Several other papers focus on mutual funds. Nofsinger and Varma (2014) 

show that the 240 US SR mutual funds in their sample outperform conventional funds during stock market crises 

(dotcom crash in 2001 and GFC). Nakai et al. (2016) confirm this result using a sample of 62 Japanese mutual funds. 

However, Muñoz et al. (2014) find no evidence of market outperformance by SR funds in the US (18) and Europe 

(89). Lastly, at the firm level, Lins et al. (2017) show that US non-financial firms with high ES ratings had greater 

stock returns (between +4% and +7%) and economic performances (higher profitability, growth, and sales per 

employee) compared to firms with low ES ratings. Bouslah et al. (2018) find that CSR strengths reduced volatility. 

Cornett et al. (2016) focus on US banks and show that their financial performances (return on equity) is positively 

related to their ESG scores. 
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Albuquerque et al. (2020) consider 2,171 U.S. firms to assess how companies with high 

environmental and social scores performed during the first quarter of the Covid-19 crisis. Using 

Thomson Reuters Eikon ESG data, they measure the firms’ ES performance as the average of the 

scores on both criteria in 2018. As a robustness test, they compute the difference between the 

number of strengths and concerns for each firm in 2016 using MSCI data. Their results show that 

firms with ES ratings in the top quartile, as well as those with high advertising expenditures, 

performed better. This result is confirmed by Garel and Petit-Romec (2020a), using a sample of 

over 1,626 U.S. listed firms from February 20 to March 20, 2020. Using the same Eikon ESG 

data, they show that environmental commitment matters to reduce the Covid-19 impact on stock 

prices. 

Over the same period, Ding et al. (2020) collect data on 6,135 firms across 56 countries to observe 

how the Covid-19 crisis affected firms’ financial performance. These authors also analyze the 

resilience of best-in-class ESG companies. Using Thomson Reuters Eikon ESG database – like 

Alburquerque et al. (2020) and Garel and Petit-Romec (2020b) – they construct an Environmental 

index, a Social index, as well as an aggregated CSR score index. They also control for firms’ 

governance through a set of dummy variables equal to 1 if the company under consideration has a 

board size or independence policy, or if an individual has simultaneously the roles of CEO and 

Chairman. Overall, their results suggest that firms with stronger commitment to CSR prior to the 

crisis over-performed during the outbreak.  

In China, Broadstock et al (2020) consider the CSI 300 firms listed on the Shenzhen Stock 

Exchange (SZSE) and Shanghai Stock Exchange (SHSE). They perform an event study around the 

Wuhan lockdown (Jan. 23-Feb. 4, 2020) and show that above-median ESG portfolios 

outperformed below-median ESG portfolios. In France, Garel and Petit-Romec (2020b) find no 

evidence that social or environmental scores (Eikon, 2018) influenced stock returns during the 

Covid-19 crisis. 

Contrary to the above studies, Demers et al. (2020) are more skeptical about the idea that ESG 

might be an “equity vaccine” against the fall in stock prices in times of crisis. They consider a 

sample of 1,626 U.S. firms during the first quarter of 2020 and also use Thomson Reuters Eikon 

ESG scores. They show that “consistent with all the hype, ESG is significantly positively related 

to returns in the absence of other controls being included in the regression [emphasis in original].” 

However, “once the firm’s industry affiliation and accounting- and market-based measures of risk 

have been properly controlled for, ESG scores offer no such positive explanatory power for 

returns during Covid-19.” 
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All the above-mentioned studies consider individual stocks. At the portfolio level, Pastor and 

Vorsatz (2020) show that actively-managed mutual funds in the U.S. underperformed their passive 

benchmark during the outbreak. Nonetheless, they also demonstrate that the SR funds 

outperformed conventional ones over the same period. They measure performance using 

benchmark-adjusted returns and factor-adjusted alphas. Investors favored funds with high ESG 

standards, especially environmental ones, and funds that applied exclusion criteria. 

There are also studies that consider a specific dimension of CSR. Shan and Tang (2020) focus on 

Chinese firms with above-median employee satisfaction (using MioTech ESG data), and Cheema-

Fox et al. (2020) focus on U.S. firms protecting their workforce and supply chains (using Truvalue 

Labs ESG data); both report that SR firms experienced less negative returns than conventional 

ones.6 

Lastly, Döttling and Sehoon (2021) examine mutual fund flows during the Covid-19 crisis, 

especially from retail investors. They find that investor net demand for funds with high ESG 

scores (Morningstar) significantly weakens during the crisis: net outflows were higher both during 

the Fever and the Rebound periods. The authors suggest that retail investors perceive ESG as a 

luxury good, unaffordable under the stress induced by the Covid-19 pandemic. 

 

 
6 Palma-Ruiz et al (2020) show that 12 of the 35 IBEX-35 companies that donated during the Covid-19 crisis 

improved their financial performances compared to the 23 companies that gave nothing. They also survey 575 

Spanish citizens: 50% of them indicated that their perception of the companies that donated would change after the 

lockdown, and 59% of them would not consume products from companies that did not behave responsibly during the 

crisis. 
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Table 1. Academic papers on SR returns in time of the Covid-19 crisis 

Authors 
Sample 

(period) 

Covid-19 

data 
Model Main results regarding SR investing 

Albuquerque  

et al. (2020) 

2,171 U.S. firms 

(Q1: 2020) 
No 

CAPM +  

Firm controls 

Daily AR = +0.45% (from February 24 to March 17) for high ES firms 

(top quartile, Eikon, 2018), with a decrease in volatility. 

Broadstock  

et al. (2020) 

300 Chinese firms 

(Feb.-Mar. 2020) 
No 

Market model +  

Firm controls 

CAR[-2;+2] = +0.1% around the Wuhan lockdown  for high ES firms 

(above the median, pre-2020), with a decrease in volatility. 

Demers  

et al. (2020) 

1,652 U.S. firms 

(Q1: 2020) 
No 

4-factor  

+ Firm controls 

ESG (Eikon, 2018) was not significantly related to abnormal returns 

when controls are included – albeit significant without – during the 

crisis, but negatively associated to them during the recovery. 

Ding  

et al. (2020) 

6,135 firms from 56 

countries (Q1: 2020) 

Yes (Cum. 

No. Cases) 
Firm controls  

Weekly returns = +0.23% for high-CSR firm (top quartile, pre-2020) 

compared to low CSR firm (last quartile, pre-2020). 

Garel & Petit-

Romec (2020a) 

1,626 U.S. firms 

(Feb.-Mar. 2020) 
No 

4-factor  

+ Firm controls 

Weekly returns = +1.41% if environmental scores (Eikon, 2018) is one-

standard deviation higher. 

Garel & Petit-

Romec (2020b) 

437 French firms 

(Feb.-Mar. 2020) 
No Firm controls 

No evidence that social or environmental scores (Eikon, 2018) 

influenced stock returns during the Covid-19 crisis. 

Pastor & Vorsatz 

(2020) 

3,626 U.S. funds 

(Feb.-Apr. 2020) 
No 

Multifactor 

models 

Funds with higher (Morningstar) sustainability ratings performed better 

and received larger net flows. 

Capelle-Blancard 

et al. (2020) – this 

paper 

573 indices worldwide  

(Jan.-May 2020) 

Yes (Cum. 

No. Cases) 

4-factor  

+ controls 

SR indices exhibited dynamics very similar to their benchmarks, except 

that the resilience of SR investing was a little stronger when the number 

of Covid-19 cases increased and for impact investing strategies. 
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2.2. Testable hypothesis 

H1: SR indices were more resilient than their conventional benchmarks during the Covid-19 

crisis. 

Although not unanimous (see Demers et al., 2020), most of the current literature shows that stocks 

with a good ESG rating, as well as SR funds, outperformed markets during the Covid-19 crisis. 

We therefore anticipate that this result also applies to SR indices. 

 

H2: The most stringent SR strategies were more resilient than the less stringent ones during the 

Covid-19 crisis. 

While there are many different SR portfolio strategies, which differ by their stringency, most of 

the papers about the performance of SR investment compares SR funds or indices to their 

conventional peers but neglect heterogeneity among the SR strategies. Our large dataset of SR 

indices allows to test whether some SR strategies fared better during the Covid-19 pandemic. 

Consistent with the general hypothesis that SR strategies lent resilience to companies relative to 

their non-SR peers, we expect that this trend will continue among SR strategies.  

 

H3: Environmental indices were more resilient than social and governance indices during the 

Covid-19 crisis. 

Ding et al. (2020) and Pastor and Vorsatz (2020) suggest that stocks and funds, respectively, with 

good environmental ratings performed better during the crisis compared to their peers with good 

social or government ratings. Based on pervious findings, we expect that the environmental 

ratings will have a more significant impact on companies’ financial resilience than social and 

governance ratings. 

 

H4: SR indices practicing exclusionary screening were more resilient than their conventional 

benchmarks during the Covid-19 crisis. 

Pastor and Vorsatz (2020) suggest that funds practicing exclusionary screening outperformed 

during the Covid-19 crisis. We investigate this issue by exploiting variation in exclusionary 

strategies in our dataset, and hypothesize that, like other dimensions of SR, greater exclusionary 

practices will be associated with stronger performance, relative to benchmarks. 
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3. Data and methodology 

3.1. SR indices 

To build the database, we collect all ticker codes of the SR equity indices listed by the main data 

providers, MSCI, STOXX, and FTSE, based on the following critera: (i) the index should not be 

based on religious criteria, which mostly excludes shariah-compliant indices, and (ii) the index 

should offer daily valuation data. Our final sample consists of 573 indices, representing all major 

stock markets around the world (23 developed markets + 26 emerging markets). In our sample, 

179 SR indices (31%) have a worldwide scope, 161 (28%) focus on Europe, 139 (24%) on North-

America, and 94 (16%) on the rest of the world. In our final sample, in terms of the number of SR 

indices, MSCI is the main provider (66.7%), followed by STOXX (28.3%) and FTSE (5.0%). 

By analyzing the prospectus of each SR index, we match them with their benchmarks. This 

matching has the double advantage of controlling for both geographic and sectoral biases. 7 

Furthermore, the matching must comply with two criteria: (i) the types of returns (price or net 

returns) between the index and its benchmark must be the same, and (ii) the index shares must be 

denominated in the same currency. 

We then download the valuation data for all 573 indices and their matched benchmarks from the 

Reuters and Macrobond platforms. The number of benchmark indices is lower than the number of 

SR indices (250) since several SR indices share the same benchmark. Our period of analysis is 

January 2, 2020 to May 20, 2020, accounting for a 58,925-line unbalanced indice-day panel. On 

average, our sample consists of 102 trading days per index. A complete list of the SR indices is 

provided in the online appendix. For each index i, we compute its rate of return as 𝑅𝑖,𝑡 =

100 × (ln(𝐼𝑛𝑑𝑒𝑥𝑖,𝑡) −  ln(𝐼𝑛𝑑𝑒𝑥𝑖,𝑡−1)), where 𝐼𝑛𝑑𝑒𝑥𝑖,𝑡 is the valuation of index i at the end of 

day t.  

 

3.2. Heterogeneity of SR indices 

One of our main contributions is to analyze the relationship between the heterogeneity of SR 

strategies and their financial performance. To this end, we construct the following variables.8 

 
7 Limiting the sector bias between the SRI indices and their benchmarks is often achieved by implementing “best in 

class” strategies, which consist in overweighing the most sustainable companies and underweighting or excluding the 

least sustainable within each sector. 
8 The descriptive statistics for the variables under consideration (Table A) as well as the correlation matrix between 

these variables (Table B) are presented in the appendix. 
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ESG stringency. Based on the index construction methodologies described in the prospectuses, 

we categorize indices into three non-exclusive groups in terms of ESG stringency. For each group, 

a corresponding dummy variable is coded to indicate index group membership. (i) The first group 

is that of impact indices (2.1% in our sample), which corresponds to those indices intending to 

contribute to measurable positive ESG impact, generally using forward-looking ESG indicators, 

focused on sustainable sectors, including companies with high ESG standards and low carbon 

emissions (see Barber et al., 2020; Oehmke and Opp, 2020; Landier and Lovo, 2020; De Angelis 

et al., 2020). The term “impact” often appears either in the name of the funds or in the prospectus 

description. We label this variable impact. (ii) The second group corresponds to indices that are 

demanding in terms of ESG rating (45.9%). We label this variable ESG_High, which includes all 

indices in the Impact group. (iii) Finally, the SR indices that are the least demanding compared to 

their conventional benchmarks constitute the third group (54.1%). The dummy variable of this 

group is omitted as the reference group. 

Exclusion. SR indices can also be classified by the degree of exclusionary screening they 

implement. We denote by the dummy variables ex_fossil and ex_nuclear the indices excluding 

firms involved in fossil (47.1% of the sample) or firms involved in nuclear energy (34.1%), 

respectively. We denote by the dummy variable ex_all the indexes excluding companies involved 

in fossil energy, nuclear, weapons and tobacco (12.3%). 

E, S, and G. Of the 573 indices considered, 22.1% focus exclusively on environmental 

performances or low greenhouse gas emissions. We represent this group of indices by the dummy 

variable Env. Similarly, we construct the dummy variables Soc and Gov to capture indices that 

focus on firms with high social performance (4 indices, 0.7%) or governance performance (8 

indices, 0.14%), respectively. 9  Since the three groups Env, Soc, and Gov are not perfectly 

collinear, we include all three dummies in our estimation. 

Geographical coverage. The use of a global database allows the identification of the SR indices 

focusing on developed countries. For each index, we identify the country in which each 

component firm is headquartered. The dummy variable DEV is equal to 1 if all the firms included 

in the index under consideration is located in developed countries (58.2% of the sample). 

 
9 We would have liked to test the hypothesis that gender equality strategies were more resilient than their conventional 

benchmarks during the Covid-19 crisis. Indeed, Garikipati and Kambhampati (2020) find that countries led by women 

leaders had significantly fewer cases and deaths from Covid-19 during the first quarter of the pandemic and we could 

have hypothesized a similar gender effect may be present among SR strategies. However, the number of observations 

was too low to provides robust evidence. 



12 

Index style. We construct the variable Large that is 1 when the SR index contains large-cap 

companies (95.6% of the sample). We omit as a baseline the dummy that characterizes indices 

focusing on small and mid-cap companies. We also consider a dummy variable Value equal to 1 if 

the index exhibit value style characteristics (2.4%)10, and a dummy Low vol. equal to 1 for low 

volatility indices (5.8%). These information are collected from the prospectus. 

Tracking error. Although the dynamics of SR indices are often close to those of their 

benchmarks (e.g., best-in-class strategies), some SR indices may deviate substantially. All the 

previous information to assess the stringency of our SR indices are inferred from the prospectus 

published by the index providers. However, in complement to these de jure variables, we also rely 

on a de facto variable.11 To this end, we consider the tracking error, i.e., the standard deviation of 

the difference between the returns on the SR index and those on its benchmark. To avoid 

endogeneity issues, we consider the tracking error during the pre-crisis period (Jan.-Dec. 2019). 

Our sample ranges from 012 to 0.77, with an average equal to 0.13. 

 

Covid-19  

To measure the number of Covid-19 cases, we use the Covid-19 Global Cases Database managed 

by Dong et al. (2020) at the John Hopkins University (JHU).13 For a given geographical area i at 

time t14, variable COVIDi,t is constructed as the log-growth in the number of cumulative cases15. 

Since most indices cover geographical areas larger than countries, we identify all countries j in 

region i and define the cumulative case variable in t as: 

 
10 We did not include a similar dummy variable Growth because we have only two indices with such investment style. 
11 We also attempted to consider the number of firms in the SR index compared to its benchmark: the lower the 

relative number, the more demanding the SR index is expected to be. However, this information is only available for 

413 SR indices and the ratio between the number of stocks in the SR index, and the number of stocks in its benchmark 

index includes some extreme values: while the average equal 56%, it varies from 0.3% (The MSCI World IMI Select 

Sustainable Impact Top 20 includes only 20 firms, while its benchmark, the MSCI World IMI includes 5,806 firms) to 

109% (The STOXX USA Low Carbon includes 547 firms, while its benchmark, the STOXX USA 500 includes 500 

firms). 
12 The smallest tracking error in our sample is for “MSCI Denmark, Mid & Large Cap, ESG Screened Index”, which 

is not surprising since such ESG indices propose precisely to limit exclusions in order “to lead to manageable tracking 

error vs parent index” (MSCI website). 
13 The JHU database is completed with data from Owid-COVID when needed. In particular the latter provides 

information from January 1, 2020. 
14 Since the number of cases is often known after the stock market close, we use the first lag. For weekends and 

holidays, we divide the log-growth of Covid-19 cumulative cases by the numbers of calendar days between two non-

consecutive business days. 
15 Following Ding et al. (2020), we use the number of cumulative cases to proxy for the spread of the crisis. However, 

our results do not differ when using the number of cumulative deaths. 
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𝐶𝑂𝑉𝐼𝐷𝑖,𝑡 =  𝑙𝑛 ( ∑ 𝑐𝑢𝑚𝑢𝑙𝑎𝑡𝑖𝑣𝑒 𝑐𝑎𝑠𝑒𝑠𝑗,𝑡

𝑗∈𝑅𝑒𝑔𝑖𝑜𝑛𝑖

) − 𝑙𝑛 ( ∑ 𝑐𝑢𝑚𝑢𝑙𝑎𝑡𝑖𝑣𝑒 𝑐𝑎𝑠𝑒𝑠𝑗,𝑡−1

𝑗∈𝑅𝑒𝑔𝑖𝑜𝑛𝑖

) 

 

3.3. Period 

The spread of the Covid-19 pandemic in the first quarter of 2020 was a violent exogenous shock 

to the global financial system, providing a unique analytical framework for studying the resilience 

of sustainable investing. We follow Ramelli and Wagner (2020) in breaking down the first five 

months of 2020 into three phases: Outbreak, Fever, and Rebound. The Outbreak phase runs from 

January 1, 2020 to February 20, 2020. It corresponds to the lack of adverse reaction of the 

financial markets to the gradual increase in the number of cases of Covid-19 in China. During the 

Fever phase, which begins on February 24, 2020 and ends on March 20, 2020, the Covid-19 

pandemic affected Europe and the U.S., and led to a collapse of the financial markets (for 

example, the S&P 500 dropped by 28.5% over the period). For our analysis of the resilience of the 

SR indices, the Fever phase is key. Finally, the Rebound phase begins on March 23, 2020 with the 

intervention of the FED, which led to a strong market rally. We stop our analysis on May 29 (for 

comparison, the S&P 500 rose by 36.1% during this period).16 

 

3.4. Methodology 

To analyze the resilience of SR strategies in time of the Covid-19, we employ a four-step 

empirical analysis. First, we directly compare the raw returns and volatilities of SR indices to 

those of their benchmarks. Second, we estimate a Carhart model by regressing SR indices returns, 

𝑅𝑖,𝑡
𝐸𝑆𝐺 , on their benchmarks returns, 𝑅𝑖,𝑡

𝐵𝑒𝑛𝑐ℎ, as well as the SMB, HML (Fama and French, 1993), 

and MOM (Carhart, 1997) factors. 17  We include an index fixed effect, 𝜇𝑖 , to capture time-

invariant characteristics of the SR indices. The specification is written as follows: 

𝑅𝑖,𝑡
𝐸𝑆𝐺 = 𝛼 + 𝛽1𝑅𝑖,𝑡

𝐵𝑒𝑛𝑐ℎ + 𝛽2𝑆𝑀𝐵𝑡 + 𝛽3𝐻𝑀𝐿𝑡 +  𝛽4𝑀𝑂𝑀𝑡 + 𝜇𝑖 + 휀𝑖,𝑡 ,      (1) 

 
16 Pastor and Vorsatz (2020) consider approximatively the same periods, while they are labelled differently: crisis 

(February 20 to April 30, 2020); crash (February 20 to March 23, 2020); recovery (March 24 to April 30, 2020); and 

pre-crisis (October 1, 2019 to January 31, 2020). 
17 The factors are downloaded from Kenneth French’s website: 

https://mba.tuck.dartmouth.edu/pages/faculty/ken.french/Data_Library/det_mom_factor.html 
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where 휀𝑖,𝑡 is the error term. We estimate this model using White robust standard errors.18 This 

model allows us to study the sensitivity of the SR index to its benchmark, 𝛽1, and the alpha of the 

SR index during the Covid-19 crisis. However, it does neither allow us to capture the dynamics of 

the pandemic spread nor analyze the heterogeneity of SR strategies. Third, we add to the previous 

specification the COVID variable: 

𝑅𝑖,𝑡
𝐸𝑆𝐺 = 𝛼 + 𝛽1𝑅𝑖,𝑡

𝐵𝑒𝑛𝑐ℎ + 𝛽2𝑆𝑀𝐵𝑡 +  𝛽3𝐻𝑀𝐿𝑡 +  𝛽4𝑀𝑂𝑀𝑡 + 𝛿𝐶𝑂𝑉𝐼𝐷𝑖,𝑡 + 𝜇𝑖 + 휀𝑖,𝑡       (2) 

Fourth, we include a set of variables aiming to capture the heterogeneity of SR strategies:19 

𝑅𝑖,𝑡
𝐸𝑆𝐺 = 𝛼 + 𝛽1𝑅𝑖,𝑡

𝐵𝑒𝑛𝑐ℎ + 𝛽2𝑆𝑀𝐵𝑡 +  𝛽3𝐻𝑀𝐿𝑡 +  𝛽4𝑀𝑂𝑀𝑡 + 𝛿𝐶𝑂𝑉𝐼𝐷𝑖,𝑡 + 𝜑 × 𝑆𝑅𝑖 + 휀𝑖,𝑡       (3) 

The set of variables accounting for the features of the SR indices includes Impact, ESG high, 

Environmental, Social, Governance, Developed countries (Dev), Large-cap (Large), exclusion 

(all, fossil and nuclear), Value, Low vol., and the tracking error in 2019. Hence, SRi is a 573 × 13 

(indices × variables) matrix. 

Finally, we carry out a series of robustness tests on the econometric specification and the variables 

used, which are presented in section 4.3. of this article. 

 

4. Empirical results 

4.1 Returns and volatility 

Table 2 presents the comparative performance of the SR indices and their benchmarks, during the 

sub-periods of the Covid-19 crisis (Panel A), broken down by geographical coverage (Panel B), 

and by category (Panel C20).21 Overall, no substantial difference between the returns on SR indices 

and their conventional benchmarks is found: regardless of the category, the mean test never 

reports any significant result. In addition, SR indices and their benchmarks have similar 

volatilities over time.  

Over the entire sample period (Panel A), the average daily return was –0.11% for both SR and 

conventional indices, while their annualized volatilities were 39.18% and 39.41%, respectively. 

When we compute these quantities by phase of the crisis, the dynamics of SR indices remain very 

 
18 The estimates are robust to the use of clustered standard errors at the SR index, benchmark, and regional levels. 
19 In this last specification, we remove the index fixed effect, which becomes collinear with the independent variables 

when we add the set of controls. However, we include an index provider fixed effect. 
20 SR indices can be included in more than one firm size category because they invest in different categories at the 

same time. 
21 Additional descriptive statistics (percentiles, Table C) and the density of returns (Figure A) are also provided in 

appendix. 
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close to those of their benchmarks whether in bearish or bullish markets. During the Fever period 

(Feb. 24-Mar. 20), the average daily return was –1.84% for SR indices and –1.86% for their 

benchmarks, while during the Rebound period (Mar. 23-May 29) the average daily returns were 

+0.42 and +0.43, respectively. 
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Table 2. SR versus benchmark indices during the Covid-19 crisis 

This table presents, for each SR index and its benchmark, the number of indices (#), the daily raw returns, the 

annualized volatility, a non-parametric test of equality of the average returns under the assumption of unequal 

variances and the associated p-value, the percentage of days on which the SR indices outperformed their benchmarks, 

and the tracking error. The sample includes 573 SR indices from MSCI, STOXX, and FTSE between January 2, 2020 

and May 29, 2020. In Panel A, results are for all SR indices and breakdown by time periods: Crisis (Jan. 2 to May 29, 

2020); Outbreak (Jan. 2-Feb. 21), Fever (Feb. 24-Mar. 20), and Rebound (March 23- May. 29); and Pre-crisis (Jan. to 

Dec. 2019). In Panels B and C results are for the whole period (Crisis). In Panel B results are breakdown by 

geographical coverage (RoW = rest of the world). In Panel C results are breakdown by type of SR indices (the 

categories are defined in the text). 

 

# 
Daily returns Mean test Volatility 

% days 
Tracking 

error  SR Bench. t-stat p-value SR Bench. 

Panel A. All indices, by period 

Crisis 573 –0.11 –0.11 –0.01 0.99 39.18 39.41 50.9 0.27 

Outbreak 573 0.05 0.04 0.66 0.51 12.16 12.14 52.0 0.13 

Fever 573 –1.84 –1.86 0.26 0.79 69.28 70.13 55.3 0.39 

Rebound 573 0.42 0.43 –0.51 0.61 36.62 36.52 48.4 0.29 

Pre–crisis 573 0.09 0.08 0.29 0.77 14.69 11.72 50.6 0.15 

Panel B. All the period (Crisis: Jan. 2 to May 29, 2020), by geographical coverage  

World 179 –0.10 –0.10 –0.18 0.86 36.77 37.57 54.0 0.54 

Europe 161 –0.15 –0.15 0.10 0.92 38.62 38.92 49.9 0.38 

North America 139 –0.12 –0.12 0.11 0.92 34.38 34.41 49.2 0.33 

RoW 94 –0.06 –0.06 –0.02 0.98 49.83 49.34 49.1 0.32 

Panel C. All the period (Crisis: Jan. 2 to May 29, 2020), by type of SR index 

Impact 12 –0.09 –0.09 0.04 0.97 39.18 40.54 46.6 0.47 

ESG High 264 –0.12 –0.11 –0.16 0.87 39.40 39.58 49.9 0.57 

ESG Low 309 –0.11 –0.11 0.14 0.89 39.00 39.26 51.7 0.21 

Environment 127 –0.10 –0.10 –0.08 0.93 38.74 38.81 51.7 0.55 

Social 4 –0.22 –0.11 –0.44 0.66 38.90 38.99 48.6 1.21 

Governance 8 –0.14 –0.09 –0.26 0.79 38.59 39.28 47.1 0.83 

Excl. all 70 –0.11 –0.11 0.05 0.96 38.44 39.08 49.0 0.64 

Excl. fossil 272 –0.12 –0.12 –0.03 0.98 39.61 39.87 50.5 0.48 

Excl. nuclear 194 –0.10 –0.11 0.18 0.85 39.21 39.60 50.6 0.48 

Dev. and Em. 151 –0.12 –0.11 –0.31 0.75 36.64 37.37 51.8 0.63 

Dev. 333 –0.10 –0.10 0.18 0.86 40.93 41.05 50.9 0.29 

Em. 89 –0.15 –0.15 0.00 1.00 36.55 36.35 49.0 0.36 

Large cap. 548 –0.11 –0.11 0.01 0.99 38.81 39.05 51.1 0.42 

Mid cap. 524 –0.11 –0.11 0.00 1.00 38.48 38.78 51.0 0.42 

Small cap. 181 –0.13 –0.11 –0.34 0.74 40.08 40.34 49.5 0.57 

Value 14 –0.13 –0.16 0.19 0.85 41.86 43.53 51.5 0.38 

Low vol. 34 –0.16 –0.10 –0.70 0.48 38.64 40.49 49.1 1.00 
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Figure 1 shows the performances (mean, first and third quartiles) of the 573 SR indices (in black) 

and their conventional benchmarks (in red) during the first semester of 2020. Indices are 

normalized to 100 at the beginning of the year. No difference can be discerned. Overall, these 

findings are consistent with Demers et al. (2020) who do not identify any outperformance of 

companies with high ESG scores during the Covid-19 crisis. 

 

Figure 1. The performance of SR indices and their benchmarks during the Covid-19 crisis 

This figure shows the performance of the SR strategies (in black) compared to that of their conventional benchmark 

(in red). Indices are initialized at 100 at the beginning of the period. The sample includes 573 SR indices from MSCI, 

STOXX, and FTSE between January 2, 2020 and May 29, 2020. The dotted lines correspond to the 1st and the 3rd 

quartiles. 

 

 

Focusing on the indices broken down by geographical coverage (Panel B), the lower average 

return are found in Europe (–0.15%) and in the US (–0.12%), compared to World SR indices  

(–0.10%). SR indices focusing on other countries (mainly Asia) have a higher average return  

(–0.06%), but at the expense of larger volatility. However, whatever the geographical coverage, 

the performance of SR indices during the Covid-19 crisis appears to be similar to that of 

conventional indices. 

Regarding SR indices broken down by their features (Panel C), the highest average return is for 

impact indices (–0.09%). However, the average return is the same (–0.12%) for the most stringent 



18 

SR indices (ESG high) or the less stringent ones (ESG low); similarly, the same average return is 

found whatever the exclusion criteria. Note also that, in average, small cap indices, value indices, 

and low volatility indices performed worse than their benchmarks during the Covid-19 crisis  

(–0.13%, –0.13%,–0.16%, respectively). 

Lastly, as expected, impact SR indices and ESG high indices have higher tracking errors, as well 

as SR indices focusing only on one ESG dimension. 

 

4.2. Heterogeneous resilience of SR strategies to the Covid-19 crisis 

Table 3 presents the estimates of the Carhart model without (Equation 1, columns 1-4) and with 

controls for the Covid-19 crisis (Equation 2, columns 5-8). The 𝑅2 between 0.8 and 1 underscores 

the strong explanatory power of the four-factor model, mainly due to the use of the index 

benchmark as the market factor. Because SR indices are, by definition, very closed to their 

benchmark, we ran the estimation on the whole sample (573 SR indices, Panel A), but also on a 

smaller subsample corresponding to the last quartile in terms of the pre-crisis tracking error (144 

SR indices with the largest tracking error, Panel B).22 The sample period is January 2, 2020 and 

May 29, 2020, and then is broken down into three sub-periods: Outbreak (Jan. 2-Feb. 21), Fever 

(Feb. 24-Mar. 20), and Rebound (March 23- May. 29). 

The SR indices have a sensitivity to their benchmarks slightly lower than one when the whole 

period is considered (0.978 in Panel A and 0.926 in Panel B), as well as during the bearish Fever 

period (0.982 and 0.942) and the bullish Outbreak rebound period (0.978 and 0.917). The SR 

indices therefore have a slightly defensive profile compared to their conventional benchmarks. 

However, this effect is offset in upward and downward trends by a slightly positive and negative 

alpha, respectively. Overall, we do not find substantially different dynamics between the SR 

indices and their benchmarks, and betas close to 1 validate the quality of our index-benchmark 

matches. 

  

 
22 As expected, the beta and the R² are lower in Panel B. 
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Table 3. The performance of SR indices during the Covid-19 crisis 

This table shows how SR indices performed during the Covid-19 crisis. The sample period is January 2, 2020 and 

May 29, 2020, and then is broken down into three sub-periods: Outbreak (Jan. 2-Feb. 21), Fever (Feb. 24-Mar. 20), 

and Rebound (March 23- May. 29). The dependent variable is daily SR index return and the control variables are 

Benchmark which is the return of each SR’s benchmark index, and the Carhart factors (SMB, HML, MOM). The key 

explanatory variable is COVID, which is the growth of the cumulative Covid-19 log-cases in the investment area of 

the SR index. Panel A includes all the SR indices in our sample. Panel B includes only the last quartile in terms of 

tracking error (computed in 2019). All regressions include index fixed effect. White-robust standard errors in 

parentheses. *** p<0.01, ** p<0.05, * p<0.1. 

 All period Outbreak Fever Rebound All period Outbreak Fever Rebound 

Panel A. All sample (573 SR indices) 

Constant  –0.0009    0.0094***  –0.0313***    0.0021    0.0031**    0.0093***  –0.0384***    0.0074** 

   (0.0008)   (0.0009)   (0.0073)   (0.0022)   (0.0013)   (0.0012)   (0.0085)   (0.0030) 

Benchmark    0.9778***    0.9692***    0.9826***    0.9785***    0.9779***    0.9693***   0.9844***   0.9795*** 

   (0.0032)   (0.0042)   (0.0036)   (0.0039)   (0.0032)   (0.0043)   (0.0034)   (0.0038) 

SMB    0.0052*    0.0081*    0.0216***  –0.0064**   0.0071**    0.0078*    0.0228***  –0.0020 

   (0.0027)   (0.0048)   (0.0043)   (0.0025)   (0.0028)   (0.0047)   (0.0045)   (0.0025) 

HML    0.0095***    0.0072**  –0.0352***    0.0310***    0.0076***    0.0072**  –0.0356***    0.0284*** 

   (0.0028)   (0.0033)   (0.0046)   (0.0039)   (0.0027)   (0.0033)   (0.0047)   (0.0037) 

MOM    0.0036*    0.0059  –0.0052    0.0168***    0.0027    0.0058  –0.0093    0.0161*** 

   (0.0020)   (0.0038)   (0.0053)   (0.0018)   (0.0020)   (0.0037)   (0.0061)   (0.0018) 

COVID      –0.0040***    0.0004    0.0096***  –0.0042*** 

       (0.0009)   (0.0017)   (0.0031)   (0.0010) 

No. Obs. 58,822 20,035 10,882 27,905 58,822 20,035 10,882 27,905 

R–squared 0.972 0.937 0.9762 0.9654 0.972 0.937 0.975 0.965 

Panel B. Subsample: large pre-crisis tracking error (144 SR indices) 

Constant  –0.0176***    0.0218***  –0.1662***    0.0114  –0.0007    0.0269***  –0.2021***    0.0345*** 

   (0.0032)   (0.0030)   (0.0241)   (0.0076)   (0.0045)   (0.0039)   (0.0283)   (0.0094) 

Benchmark    0.9260***    0.8907***    0.9426***    0.9166***    0.9270***    0.8899***    0.9507***    0.9209*** 

   (0.0108)   (0.0151)   (0.0117)   (0.0139)   (0.0108)   (0.0151)   (0.0109)   (0.0136) 

SMB    0.0320***  –0.0000    0.0870***  –0.0183*    0.0402***    0.0150    0.0928***    0.0015 

   (0.0098)   (0.0179)   (0.0151)   (0.0094)   (0.0099)   (0.0174)   (0.0159)   (0.0093) 

HML    0.0436***    0.0125  –0.0969***    0.1114***    0.0350***    0.0097  –0.0983***    0.0999*** 

   (0.0102)   (0.0127)   (0.0165)   (0.0134)   (0.0101)   (0.0125)   (0.0168)   (0.0128) 

MOM  –0.0001  –0.0245*  –0.0212    0.0363***  –0.0038  –0.0170  –0.0407*    0.0335*** 

   (0.0072)   (0.0142)   (0.0193)   (0.0063)   (0.0074)   (0.0138)   (0.0221)   (0.0065) 

COVID      –0.0172***  –0.0188***    0.0483***  –0.0183*** 

       (0.0032)   (0.0064)   (0.0106)   (0.0034) 

No. Obs. 14,761 5,036 2,734 6,991 14,761 5,036 2,734 6,991 

R-squared 0.9065 0.7994 0.9176 0.886 0.906 0.794 0.914 0.887 
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These estimates show that the dynamics of the SR indices and their benchmarks are tightly 

interwoven. However, our global dataset allows us to go further and capture the causal effect of 

the Covid-19 pandemic on the performance of SR indices around the world, not just the 

performance during the crisis. A cushioning effect arises when considering the impact of the 

Covid-19. During the Fever period, for a given benchmark performance, the resilience of the SR 

indices was greater when the number of Covid-19 cases were increasing in the investment area: 

relatively to their benchmark, a doubling of cumulative Covid-19 cases (i.e., +100%) increased 

average daily performance of the SR indices by +0.96% for the full sample (Panel A) and 4.83% 

for the subsample with the largest pre-crisis tracking errors (Panel B). During the Rebound period, 

the effect was reversed, but the loading was only half as large as during the Fever period, at  

–0.42% for Panel A and –1.83% for Panel B. 

Our conclusion regarding hypothesis H1 is mixed: the difference in financial performance 

between SR and non-SR indices is not significant but is slightly in favor of SR indices in the areas 

most affected by Covid-19. 

Table 4 presents the estimates of the Carhart model with controls for the Covid-19 crisis and 

characteristics of SR indices (Equation 3). The inclusion of control variables does not alter our 

previous results: the beta is close, albeit lower, than one; the alpha is negative during the bearish 

Fever phase, but non-significant in the bullish Rebound phase; the Covid-19 coefficient is positive 

during the Fever period and negative at the time of the Rebound. The extended model allows us to 

test further the resilience of some types of SR indices.  

The coefficient on the dummy variable ESG High is non-significant (except for the Fever period, 

albeit at the 10% level only – see also the robustness section). Contrary to what Pastor and Vorsatz 

(2020) identify on U.S. funds and Ding et al (2020) on equities, we do not find that SR indices 

worldwide with a high ESG score perform better than those with a low score over the whole 

sample period. In addition, the coefficient associated with Tracking error (measured in 2019), 

which can be considered as a proxy for the stringency of SR indices,23 is negative during the Fever 

period. However, the subcategory of SR impact indices shows a substantial daily average 

outperformance of +0.13% relative to other indices during the Fever period and –0.04% during the 

Rebound period.  

  

 
23 A SR index that deviates from its conventional benchmark tends to be more selective regarding the companies 

included, and therefore more demanding from a responsible investment point of view. 
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Table 4. The performance of SR indices during the Covid-19 crisis: Additional determinants 

This table shows how SR indices performed during the Covid-19 crisis. The sample period is January 2, 2020 and 

May 29, 2020. The dependent variable is daily SR index return and the control variables are Benchmark which is the 

return of each SR’s benchmark index, and the Carhart factors (SMB, HML, MOM) included, but not reported. The 

key explanatory variable is COVID, which is the growth of the cumulative Covid-19 log-cases in the investment area 

of the SR index. The regression also includes specific observable features of SR index: Impact, ESG high, 

Environmental, Social, Governance, Developed countries (Dev), Large-cap (Large), exclusion (all, fossil and 

nuclear), Value, Low vol., and the tracking error in 2019. All regressions include index providers fixed effect (not 

reported). White-robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.  

 All period Outbreak Fever Rebound 

Constant –0.0252*** –0.0381*** –0.0902*** 0.0010 

 (0.0076) (0.0090) (0.0336) (0.0100) 

Benchmark 0.9779*** 0.9695*** 0.9833*** 0.9795*** 

 (0.0032) (0.0043) (0.0034) (0.0038) 

COVID –0.0040*** 0.0007 0.0085*** –0.0043*** 

 (0.0009) (0.0017) (0.0032) (0.0010) 

Impact 0.0057 0.0016 0.1276*** –0.0389*** 

 (0.0094) (0.0157) (0.0455) (0.0105) 

ESG High 0.0030 –0.0015 0.0398* –0.0083 

 (0.0047) (0.0059) (0.0213) (0.0070) 

Environment 0.0033 0.0111** –0.0301 0.0097* 

 (0.0040) (0.0052) (0.0185) (0.0054) 

Social –0.0563 0.0094 –0.1744 –0.0583* 

 (0.0440) (0.0440) (0.1074) (0.0336) 

Governance –0.0174 0.0054 –0.0144 –0.0353 

 (0.0255) (0.0224) (0.0772) (0.0236) 

Dev. 0.0045* 0.0046 –0.0084 0.0123*** 

 (0.0025) (0.0030) (0.0118) (0.0035) 

Large 0.0185*** 0.0211*** 0.0416 0.0070 

 (0.0064) (0.0076) (0.0308) (0.0087) 

Excl. all –0.0049 0.0040 –0.0259 –0.0039 

 (0.0078) (0.0103) (0.0319) (0.0106) 

Excl. fossil 0.0106** 0.0044 0.0322** 0.0065 

 (0.0042) (0.0043) (0.0161) (0.0048) 

Excl. nuclear 0.0114** 0.0027 0.0211 0.0139* 

 (0.0055) (0.0061) (0.0243) (0.0077) 

Value 0.0427*** 0.0081 0.0927 0.0474*** 

 (0.0112) (0.0089) (0.0579) (0.0159) 

Low vol. –0.0445*** –0.0151 0.0666 –0.1103*** 

 (0.0146) (0.0146) (0.0602) (0.0178) 

Tracking error –0.0767*** 0.0471* –0.3205*** –0.0661* 

 (0.0218) (0.0277) (0.1081) (0.0364) 

No. Obs. 58,822 20,035 10,882 27,905 

No. SR index 573 573 573 573 

R-squared 0.972 0.937 0.975 0.965 
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Therefore, our hypothesis H2 is partly verified: the impact strategies, which are the most stringent 

ones, are the are more resilient. However, the effect of stringency is not straightforward as SR 

indices with high ESG scores or high tracking error do not outperform other SR indices. This 

suggests the need to go beyond the selection of funds with high ESG scores when investing in an 

SR strategy. Impact strategies appear to be good candidates to benefit from a buffer in times of 

downturn.  

None of the coefficients associated with the dummy variables Environment, Social, Governance or 

related to exclusion criteria (Excl. all, Excl. fossils, Excl. nuclear) are consistently significant. 

Therefore, our hypotheses H3 and H4 are not verified.  

The SR indices investing in large-cap and value stocks enjoyed slight financial outperformance of 

their benchmarks during the whole period. This result is consistent with Ding et al. (2020) who 

find that the firms with the most cash, including many large companies, were better positioned to 

absorb the shock of the Covid-19 financial crisis. As for indices investing in developed countries, 

they also benefited from slight outperformance during the Rebound period, while low volatility 

indices benefited less from the Rebound. 

 

4.3 Robustness checks 

We implement several robustness checks whose results are detailed in the appendix. To get an 

idea of the sensitivity of our results to the specification, Figure 2 reports the estimates of the main 

variables of interest (the constant, the beta, and the coefficients associated with the growth rate of 

the number of Covid-19 cases and to the dummy variable for impact indices), along with their 

confidence interval, for the alternatives defined as follows. Overall, the results are consistent with 

those of the baseline estimation. However, some differences appear, which are commented 

below.24 

Subsamples. We set apart our indices depending on the geographical coverage: World, North 

America, Europe and Rest of the world (Table F). The results are similar to the baseline for stock 

indices focusing on North America and Europe. However, for those focusing on the rest of the 

world – mainly Asia and emerging countries – the performance is better on the whole period for 

 
24 We also considered alternative dependent variables and specifications. First, we use the abnormal returns, defined 

as the excess returns with respect to the Carhart model, as the dependent variable. Second, we consider a model-free 

approach and use the return differentials between the SR indices and their benchmarks. Third, we consider the 

baseline model but without index fixed effects. All results are consistent with those of the baseline estimation. 
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SR indices compared to their benchmark. In addition, for the rest of the world area, a higher 

number of Covid-19 cases decreases the performance. 

Additional independent variables. We consider several additional control factors related to public 

attention, governmental response to the Covid-19 pandemic, and the health, economic and 

monetary policies implemented during the crisis (Table H).25  

First, the varying attention to Covid-19 within each geographical area and over time may have an 

impact on market sentiment and, thus, on index returns. We therefore control for public attention 

using the number of queries on the Google platform for the terms “Covid-19” and “coronavirus”, 

as measured by Google Trends. These query terms have the advantage of being written similarly 

in most languages. Thus, we are able to construct a country-specific, daily variable that is 

comparable from one country to another. Between January 1, 2020, and May 29, 2020, these two 

terms were among the most searched terms worldwide. For SR Indices that invested in a region, 

rather than a single country, we took the weighted average of all national Google Trends in the 

region, weighted by GDP. We then consider the daily growth of this search trend variable in each 

region or country as a proxy for the public’s attention to the Covid-19 pandemic.  

Second, we consider the growth rate of the Infectious Disease Equity Market Volatility tracker 

(IDEMV) provided by Baker et al (2020), which reflects the frequency of articles about stock 

market volatility in leading U.S. newspapers, multiplied by the share of those articles that contain 

words related to diseases or epidemics.  

Third, for the crisis response variables, we use the growth rate of the Oxford Covid-19 

Government Response Tracker, which takes into account external and internal movement 

restrictions, fiscal support, and measures supporting the healthcare system, by country. 

Fourth, for fiscal and monetary policy responses, we add a variable that is a sum of dummies 

constructed from the Yale Program on Financial Stability, reflecting the economic policy daily 

announcements about asset purchases, government credit guarantees or facilities for non-financial 

firms, support to the financial system, tax reduction and public spending increase, interest rates 

changes, changes in bank supervisory rules, swap lines and other monetary policy decisions. We 

consider a daily aggregated tracker of the policy reaction to the Covid-19 crisis in each country.26 

For regions, we collect all the announcements in the countries included in the region under 

 
25 See Capelle-Blancard and Desroziers (2020) for a detailed investigation of the impact of the policy reactions to the 

Covid-19 crisis on stock market worldwide. 
26 We also test each of these economic policy announcement separately, and it does not change the results. 
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consideration. The number of daily announcements is equal to 2.2 in average, with a maximum of 

8. 

All additional controls for the Covid-19 crisis are mostly significant. However, in all cases, the 

main conclusions of the baseline model are unchanged: the beta is just below one; the alpha is 

negative during the Fever (but not always), and non-significant during the Rebound; the 

coefficients associated with the variables Covid-19 and Impact are positive during the Fever and 

negative during the Rebound, with values similar to those of the baseline. Moreover, while ESG 

High was barely significant in the baseline, with the additional controls, it is positive and 

significant at the 5% level, which strengthen the validation of the hypothesis H2. 

Cross sectional analysis. In addition to the previous panel data models, we consider several 

specifications in cross-section to investigate the impact of the Covid-19 crisis on the buy-and-hold 

benchmark-adjusted and abnormal returns, the volatility spread (i.e., the difference between the 

volatility of the SR index and its benchmark) and the tracking error, over the whole period or 

during the Fever period (Table I). For SR returns, the results are in line with our previous 

estimates and, overall, do not differ significantly from their benchmark. More precisely, for 

benchmark-adjusted returns, the constant is non-significant; for abnormal returns, the constant is 

now positive but the loading of the number of Covid-19 crisis is negative and the difference is 

very small at best. The only exception is for Impact indices which perform better during the Fever 

phase like in the baseline panel data model. In addition, ESG High is also positive and significant, 

as in the case where additional controls (i.e., policy variables) are included in the panel data 

model. Interestingly, Impact indices also have a lower volatility during the Fever period. 

Unsurprisingly, Low vol. indices have indeed a significantly lower volatility and the most 

stringent SR indices (ESG High and Excl. All) have a significantly higher tracking error.  

In brief, whatever the measure of returns (raw returns, benchmark-adjusted returns, abnormal 

returns), the controls (including or not interactions or proxies for policies implemented during the 

Covid-19 crisis), or the specifications (panel data or cross-section), our main results hold: SR 

indices have a slightly defensive profile but their performance was very similar to that of their 

benchmark during the Covid-19 crisis, except for Impact indices which performed better with 

higher returns and lower volatility during the Fever.  
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Figure 2. Alternative estimates 

This figure shows alternative estimates the Constant, the Beta, and the coefficients associated to the variables COVID and Impact, along with their confidence interval. The sample 

and the related Table are reported in the x-axis, which is separated between estimates for the whole period or for the Fever. The sample includes 573 SR indices from MSCI, 

STOXX, and FTSE between Jan. 2, 2020 and May 29, 2020. 
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5. Conclusion 

In this study, we use SR indices to analyze the resilience of SR strategies during the Covid-19 

crisis. Matching SR indices worldwide with their conventional benchmarks allows us to rigorously 

control for sector and geographic biases, as well as to avoid the potential bias associated with fund 

managers’ abilities. By controlling for factors related to the Covid-19 crisis and breaking down the 

indices according to their investment strategies, we show that, on average, SR indices were not 

spared from large market downturns during the Covid-19 pandemic, nor did they disproportionally 

benefit from market rallies. Indices invested in the regions most affected by Covid-19 were, 

however, slightly more resilient relative to other SR indices. Nevertheless, except for the SR 

impact indices, the other SR strategies did not outperform their conventional benchmarks. The 

findings of this study should prompt sustainable investors to rigorously select their SR investment 

vehicles, and arm them with knowledge that impact funds may offer greater resilience in times of 

crisis.  

Future research can investigate sustainable investors’ motives to arbitrate from one strategy to 

another depending on economic conditions and analyze the consequences in terms of financial 

returns. Another research avenue would consist in breaking down the relative performance of SR 

indices compared to their benchmarks according to the flows induced by sustainable investors’ 

non-pecuniary motives and those induced by investors’ pecuniary motives. Indeed, some SR 

strategies may have outperformed because they focused on firms that were financially resilient to 

the crisis and not necessarily because they were more sustainable. In this case, the performance of 

these firms is also supported by regular investors. One way to achieve this breakdown would be to 

use investment flows of SR funds to analyze the effect of non-pecuniary motives and the financial 

results of companies to analyze the effect of pecuniary motives. More generally, one of the main 

challenges of research in sustainable finance is to be able to disentangle the effects of pecuniary 

and non-pecuniary preferences on asset prices. 
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Appendix (not intended for publication) 

 

Typology of SRI indices 

 

Indices matching 

We report, for each SR indices (573), the name, the name of the benchmark and various 

descriptive statistics. See the xlsx file (provided online). 

 

Additional tables 

• Table A. Variables: descriptive statistics and sources 

• Table B. Correlation matrix 

• Table C. SR versus benchmark indices during the Covid-19 crisis: percentile 

• Table D. The performance of SR index during the Covid-19 crisis: subsamples 

• Table E. The performance of SR index during the Covid-19 crisis: policy reaction 

• Table F. The performance of SR index during the Covid-19 crisis: cross-sectional analysis 

 

Additional figures 

• Figure A. The density of returns of SR indices during the Covid-19 crisis 
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Typology of SR indices 

This appendix provides the list of the SR indices used in the study, breakdown by category, with the name of 

the index family (in bold), the number of SR indices (in parenthesis), and a short description.  

 

• ESG (434) 

o High (173) 

▪ MSCI Sustainable Impact (2): Alternative energy, Energy efficiency, Green 

building, Sustainable water, Pollution prevention, Nutrition, Major disease 

treatments, Sanitation, Affordable Real Estate, SME Finance, Education. Exclude: 

Tobacco, Alcohol, Predatory lending, Controversial Weapons, Nuclear Weapons, 

Conventional Weapons, Civilian Firearms 

▪ STOXX ESG impact indices (2): Select firms with the higher KPIs. ESG KPI: 

CDP emissions/energy reduction target (binary): 0.4; % of independent board 

members: 0.05; % of women on the board: 0.3; Policy against child labor (binary): 

0.4; Golden parachute agreement (binary): -0.3. Companies are then ranked 

according to the aggregated score and the top 50% are selected. 

▪ MSCI SRI (28): These indexes are designed to represent the performance of 

companies with high ESG ratings. Method: They employ a ‘best-in-class’ selection 

approach to target the top 25% companies in each sector according to their MSCI 

ESG Ratings. The index excludes companies whose products have negative social 

or environmental impacts. Exclude: Controversial Weapons, Civilian Firearms, 

Nuclear Weapons, Tobacco, Alcohol, Adult Entertainment, Conventional Weapons, 

Gambling, Genetically Modified Organisms, Nuclear Power, Thermal Coal. 

▪ iSTOXX Transatlantic (EUR or USA) (2): aims to replicate an investment in the 

largest stocks by free-float capitalization from the EURO STOXX® Index or the 

STOXX® USA 500 index where companies are eligible if they are not involved in 

Controversial Weapons, if Sustainalytics considers them to be compliant with UN 

Global Compact Principles, and if they are in the top 120 in terms of ESG scores, as 

calculated by Sustainalytics. The constituents are equal-weighted; the index is 

reviewed on a quarterly basis. 

▪ EURO iSTOXX ESG Choice 50 EW (1): The EURO iSTOXX ESG Choice 50 

EW Index selects 50 companies that are classed as leaders with regards to 

environmental, social and governance (ESG) criteria.  

▪ EURO iSTOXX ESG Weighted 50 (1): The EURO iSTOXX ESG Weighted 50 

Index tracks the performance of the 50 largest securities from the EURO STOXX® 

Index that are not involved in fossil fuels. Industry neutrality filters are applied in 

the selection process to ensure diversification. 

▪  iSTOXX Nordic ESG DW decrement 4.5% (1): The iSTOXX Nordic ESG DW 

index aims to select Nordic companies that qualify as global sustainability leaders 

and do not engage in controversial business activities. The components are weighted 

according to their 12-month historical dividend yield. 

▪ iSTOXX MUTB ESG Quality 200 (3): The iSTOXX MUTB ESG Quality 200 

indices select the best ESG companies based on a combined screening and ranking 

of four fundamental indicators (profitability, leverage, cash flow generation ability 

and business stability). The component selection is conducted on a semiannually 

basis in June and December. 

▪ iSTOXX ESG Select (7): The iSTOXX Global ESG Select the best indices based 

on the STOXX ESG Leaders indexes and provides access to global sustainability 

leaders through a quantitative selection process in the following areas: 

environmental, social and governance.  

▪ MSCI ESG Select (7): designed to target companies with positive ESG factors 

while exhibiting risk and return characteristics similar to those of the MSCI Index 

(parent index). Exclude: alcohol, gambling, Nuclear power, Conventional weapons, 

Nuclear weapons, controversial weapons, Civilian Firearms. 

▪ STOXX ESG Leaders (8): Minimum Filter (Top 50%) in all three criteria is 

applied. Regarding Leadership Filter (Best 25%) indices: Based on the previously 

performed selection, a leadership filter is applied to each of the criterion 

individually. The selected companies have a score that is greater than or equal to the 

75th percentile (i.e. in the top quartile) in at least one field of corporate 
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sustainability, i.e. environmental, social, or governance sustainability. Exclude: 

controversial weapons, firms identified as non-compliant based on Sustainalytics 

Global Standards Screening (GSS) assessment. 

▪ MSCI KLD 400 Social (1): 400 firms with the highest ESG Ratings in each sector. 

Excludes companies whose products have negative social or environmental impacts 

and maintain sector weights similar to those of the parent index. Exclude: alcohol, 

tobacco, gambling, civilian firearms, military weapons, nuclear power, adult 

entertainment and genetically modified organisms. 

▪ STOXX regional industry neutral index (13): Regional Industry Neutral ESG 

indices for Europe and North America are created by selecting companies with an 

ESG score >=50 for each of the E, S & G criteria. 

▪ MSCI ESG Leaders (84): include securities of companies with the highest ESG 

ratings representing 50% of the market capitalization in each sector and region of 

the parent Index. Exclude: alcohol, gambling, tobacco, nuclear power and weapons. 

▪ FTSE4good (12): Each company in the research universe is given an ESG Rating 

ranging from 0 to 5, with 5 being the highest rating. Companies in a Dev.eloped 

market require an ESG Rating of 3.3 or above to be added to the FTSE4Good Index 

Series. Companies in an Emerging Market require an ESG Rating of 2.9 or above to 

be added to the FTSE4Good Index Series. Exclude: Tobacco, Weapons, Coal, 

Investment Trusts. 

▪ MSCI OFI Revenue Weighted Global ESG index (1): designed to represent the 

performance of companies that have historically demonstrated relatively higher 

Industry ESG Score within the MSCI ACWI Universe 

o Low (261) 

▪ MSCI ESG Screened (16): Exclude: Controversial Weapons, Nuclear Weapons, 

Civilian Firearms, Tobacco, Thermal Coal, Oil Sands. Also exclude firms not 

complying to the United Nations Global Compact Principles. 

▪ STOXX ESG-X (61): Exclude: Controversial Weapons, anti-personnel mines, 

biological and chemical weapons, cluster weapons, depleted uranium, nuclear 

weapons and white phosphorus , tobacco Producers (0% revenue threshold), 

Thermal Coal: >25% revenue threshold from thermal coal mining and exploration 

>25% power generating capacity (coal-fired electricity, heat or steam generation 

capacity / thermal coal electricity production). Also exclude firms not complying to 

the United Nations Global Compact Principles.  

▪ MSCI ESG Focus (18): designed to maximize its exposure to positive ESG factors 

while exhibiting risk and return characteristics similar to the benchmark index. 

Extended ESG focus: Constituents are selected to maximize exposure to higher 

ESG scores, subject to maintaining risk and return characteristics similar to the 

Parent Index. Exclude: tobacco, controversial weapons companies and civilian 

firearms production and retailing. Enhanced focus: Targets a 30% reduction in 

carbon compared with the parent index. Exclude: companies involved in 

controversies, and excludes controversial weapons and tobacco producers.  

▪ EURO STOXX 50 ESG (1): Index is based on the EURO STOXX50; Index, one 

of Europe's flagship benchmarks. A set of standardized ESG exclusion screens, 

based on the responsible policies of leading asset owners, are applied with the aim 

to reduce reputational and idiosyncratic risks. In addition to the exclusion screens, 

10% of companies with the lowest ESG scores are excluded and are replaced by 

companies with a higher ESG score from the same ICB Supersector as the excluded 

companies. 

▪ MSCI TIAA ESG (8): These indexes are designed to represent the performance of 

a strategy that is designed to increase the Index’s exposure to positive 

environmental, social and governance (ESG) factors as well as exhibit lower carbon 

exposure than the Parent Index. They also aim to minimize the tracking error 

relative to the Parent Index through an optimization process. Exclude: Alcohol, 

tobacco, gambling, nuclear power, weapons and firearms. 

▪ MSCI ESG Universal (80): designed to enhance exposure to ESG while 

maintaining a broad and diversified universe to invest in. Method: First, the stocks 

with the weakest ESG profile from the parent index are excluded. Second, ESG re-

weighting factor is defined that reflects an assessment of both the current ESG 

profile as well as the trend in that profil. Finally, the securities are re-weighted from 
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the free-float market cap weights of the Parent Index using the combined ESG 

score. 

▪ FTSE ESG (1): The FTSE ESG Indexes provide risk/return characteristics similar 

to the underlying universe with the added benefit of improved index level ESG 

performance. The indexes uses FTSE Russell’s tilt methodology to adjust company 

weights based on FTSE Russell's ESG Ratings. Subsequently, industry neutral re-

weighting is applied so that the industry weights in each index match the underlying 

index universe. 

▪ MSCI Factor ESG Target Indexes (5): designed to represent the performance of a 

strategy that seeks systematic integration of ESG (Environmental, Social and 

Governance) into Factor Investing. Method: The indexes are constructed based on 

parent MSCI indexes, which are used as benchmarks by many institutions. Exclude: 

weapons and "red flags" companies. 

▪ MSCI excluding Controversies (71): Those indices are designed to represent the 

performance of the benchmark but excluded controversial sectors. The exclusion 

criteria can be: Fossil Fuels, Weapons or Tabacco. 

• Social (4) 

o High (4) 

▪ STOXX ESG Social Leaders (4): Additionally to ESG leaders constraint as 

previously defined in STOXX ESG Leaders, the STOXX Global ESG Social 

Leaders index comprises all companies that passed the leadership filter in the social 

criteria and are among the top 50%in the governance and environmental criteria. 

• Governance (8) 

o High (4) 

▪ STOXX ESG Governance Leaders (4): Additionally to ESG leaders constraint as 

previously defined in STOXX ESG Leaders, the STOXX Global ESG Governance 

Leaders index consists of all companies that passed the leadership filter governance 

corporate criteria and rank under the top50% in the social and environmental 

criteria. 

o Gender Equality (4) 

▪ MSCI Japan Empowering Women (WIN) index (2): Aims to represent the 

performance of companies that are leading in terms of promoting and maintaining 

gender diversity, while also meeting certain quality criteria. Companies that 

promote and maintain higher levels of gender diversity among their workforce may 

be better positioned to withstand talent shortages and generate more sustainable 

performance with reduced risk. Exclude: labor rights or human rights controversies, 

or any severe controversies. We classify the “MSCI Japan Empowering Women 

(WIN) Select” as a High ESG index while the non “select” version is classified as 

Low ESG. 

▪ MSCI Women’s Leadership (2): The index aims to represent the performance of 

companies that exhibit a commitment towards gender diversity among their board 

of directors and among the leadership positions. Method: focus on the: Number of 

Women in Leadership Position, Percent of Women on Board and Discrimination 

and Workforce Diversity Controversy. We classify the MSCI Canada IMI Womens 

Leadership Select as a High ESG index while the non “select” version is classified 

as Low ESG. 

• Environment (127) 

o Low Carbon indices - High (58) 

▪ STOXX Climate Impact indices (8): Unique concept utilizing forward-looking 

indicators based on CDP research; Contains companies with a CDP Performance 

Band Score1) of between A (Leadership) and B-(Management); Constituents focus 

on solving the climate problem (A to A-: Leaders) and managing climate change 

risks and impact (B to B-: Management). Exclude: ICB subsector Coal (1771) UN 

Global Compact Violations and Controversial Weapons. 

▪ STOXX Climate Awareness Indices (9): Unique concept utilizing forward looking 

indicators based on CDP research; Contains companies with a CDP Performance 

Band Score of between A (Leadership) and C- (Awareness)»Constituents focus on 

solving the climate problem (A to A-: Leaders), managing climate change risks and 

impact (B to B-: Management); and understanding what climate change means for 
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their company (C to C-: Awareness). Exclude: ICB subsector Coal (1771) UN 

Global Compact Violations and Controversial Weapons. 

▪ STOXX Global Climate Change Leaders (1):The STOXX Global Climate 

Change Leaders Index is based on the CDP 'A list' database, previously known as 

the Climate Performance Leadership list. This unique index concept includes carbon 

leaders who are publicly committed to reducing their carbon footprint. CDP's 'A 

List' was originally produced at the request of 767 investors whore present more 

than a third of the world's invested capital. 

▪ iSTOXX Global Low Carbon ex-Controversial Activities Select 30 (1) : Its 

tracks the performance of 30 liquid stocks with low volatility and high dividend 

yield. The components are selected from a pool of companies with low carbon 

intensity figures. Industry and country neutrality filters are applied in the selection 

process to ensure diversification. Companies that are noncompliant according to 

Global Standards Screening (GSS) or are involved in Controversial Weapons 

activities, as identified by Sustainalytics, are excluded. Additionally, companies 

involved in Weapons (Small Arms and Military Contracting), Gambling, Adult 

Entertainment, Unconventional Oil & Gas (Arctic Oil and Gas Exploration, Oil 

Sands and Shale Energy), Conventional Oil & Gas, Thermal Coal, Nuclear Power, 

Tobacco, Aerospace and Defense are also excluded. 

▪  STOXX Low Carbon Footprint Indices (2): Significantly lower carbon footprint 

(>90%) with favourable risk-return profiles compared to the benchmark. Uses both 

reported and estimated carbon intensity data. Exclude: the 7 highest carbon 

emission super sectors as well as the remaining 10% of highest emitters.  

▪ STOXX Industry Leaders Low Carbon (7) : The STOXX Industry Leaders Low 

Carbon Indices represent the top industry (as defined by the ICB Industry 

classification) leaders with the lowest carbon emissions considering estimated and 

reported carbon intensity data. They are blue-chip indices with a fixed component 

number at the annual rebalance. They have significantly lower carbon footprint 

(>80%) with favorable risk-return profiles compared to the benchmark. They 

represent the top ICB Industry leaders with the lowest carbon emissions. They 

provide diversification across industries and avoids concentration in certain 

industries. Uses both reported and estimated carbon intensity data).  

▪ STOXX Low Carbon Diversification Select (4): The STOXX Low Carbon 

Diversification Select family of indices measure the performance of low carbon 

emissions stocks with low correlation, low volatility and high dividend yield. The 

components are weighted by the inverse of the volatility. The index universe is 

defined by the parent index as of the review effective date, excluding ICB Code 

1771 (Coal). 

▪ STOXX Low Carbon Select (4): The STOXX Low Carbon Select family of 

indices measures the performance of low carbon emissions stocks with low 

volatility and high dividend yield. The components are weighted by the inverse of 

their volatility. The index universe is defined by the parent index as of the review 

effective date, excluding ICB Code 1771 (Coal). 

▪ MSCI Carbon Leaders (21): These indexes aim to achieve at least 50% reduction 

in the carbon footprint of the parent index. It excludes the top 20% of companies 

based on carbon emissions intensity, with a maximum of 30% by weight from any 

sector. It also excludes the largest owners of reserves per dollar of market 

capitalization, representing 50% of the reserves in the parent index. The Index is 

optimized semi-annually to minimize the ex-ante tracking error to the benchmark. 

▪ Euro iSTOXX 50 Carbon Adaptation (1): The EURO iSTOXX 50 Carbon 

Adaptation Index tracks the composition of the EURO STOXX 50® Index, and re-

weights the securities according to their carbon emissions. Companies that have low 

emission intensities are assigned higher weights than those with high emission 

intensities. The  EURO iSTOXX 50 Carbon Adaptation Index aims to reduce the 

overall carbon footprint of the index while tracking the same securities as the liquid 

EURO STOXX 50® benchmark index. Securities that rank in the top 50% of the 

list, i.e. 25 securities that have the lowest Carbon Intensity are each assigned a 

weight of 3%. The remaining 25 securities with the highest Carbon Intensity 

figures, or no intensity data, are each assigned a weight of 1%. 
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o Low Carbon indices - Low (46) 

▪ MSCI Low Carbon Target (31): These indexes re-weight stocks based on their 

carbon exposure and fossil fuel reserves. At each semi-annual index review, the 

MSCI Global Low Carbon Target Indexes are constructed using an optimization 

process subject to the following objective and constraints: Minimize the Carbon 

Exposure subject to a tracking error constraint of 30 basis points relative to the 

Parent Index; the maximum weight of an index constituent will be restricted to 20 

times its weight in the Parent Index; the country weights in the MSCI Global Low 

Carbon Target Index will not Dev.iate more than +/-2% from the country weights in 

the Parent Index; the sector weights in the MSCI Global Low Carbon Target Index 

will not Dev.iate more than +/-2% from the sector weights in the Parent Index, with 

the exception of the Energy Sector where no constraint is applied. 

▪ STOXX Low Carbon (11): Same constituents as the benchmark. Carbon-tilt 

overweights low emitters and underweights high emitter. Reduces carbon footprint 

without applying exclusion. No adverse effects from weight optimization. Low 

tracking error with similar risk-return profile compared to the benchmarks. Uses 

both reported and estimated carbon intensity data. Exclude: the Coal sector (ICB 

Code 1771). 

▪ STOXX Reported Low Carbon indices (4): Recognizes companies that are 

reporting carbone missions and only companies that report carbon intensities are 

eligabile for inclusion in the index. Exclude: the Coal sector (ICB Code 1771).  

o Environmental - High (23) 

▪ MSCI Global Environmental (1): These indexes are free float-market 

capitalization weighted indexes designed to maximize its exposure to Clean 

Technology environmental themes such as Alternative Energy, Energy Efficiency, 

Sustainable Water, Green Building and Pollution Prevention. 

▪ MSCI China IMI Environment 10/40 and 25/50 (2): These indexes are  designed 

to measure the performance of securities with country of classification as China 

comprising of large, mid and small market cap segments. The Index is comprised of 

securities that derive at least 50% of their revenues from environmentally beneficial 

products and services. The Index is based on five key Clean Technology 

environmental themes: Alternative Energy, Sustainable Water, Green Building, 

Pollution Prevention and Energy Efficiency. The Index aims to serve as a 

benchmark for investors seeking exposure to companies that focus on contributing 

to a more environmentally sustainable economy by making efficient use of scarce 

natural resources or by mitigating the impact of environmental 

degradation. Constituent selection is based on data from MSCI ESG Research. The 

10/40 concentration constraints apply investment limits where the weight of each 

group entity is capped at 10% and all group entities with weight of more than 5% 

should not exceed 40% of the Index by weight. he 25/50 concentration constraints 

apply investment limits where the weight of each group entity is capped at 25% and 

all group entities with weight of more than 5% should not exceed 50% of the Index 

by weight. 

▪ STOXX ESG Environmental Leaders (5): Additionally to ESG leaders constraint 

as previously defined in STOXX ESG Leaders, the STOXX Global ESG 

Environmental Leaders index consists of all companies that passed the leadership 

filter environmental criteria and the top 50% in the social and governance criteria. 

▪ FTSE environmental Opportunities (15): firms in renewable and alternative 

energy, energy efficiency, water technology and waste and pollution control. 

Companies are required to have at least 20% of their business derived from 

environmental markets and technologies in order to be eligible. 
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Table A. Variables: descriptive statistics and sources 

The sample includes 573 SR indices from MSCI, STOXX, and FTSE between January 2, 2020 and May 29, 2020.  

 No. Obs. Mean Std. Dev. Min Max Source 

SR returns (%) 61,324 –.112 2.466 –19.888 15.805 Thomson Reuters 

Bench. returns (%) 61,324 –.112 2.480 –19.885 15.752 Thomson Reuters 

COVID 61,324 1.165 2.626 –.03 11.225 John Hopkins U. 

Impact 61,324 .021 .142 0 1 Index providers 

ESG High 61,324 .459 .498 0 1 Index providers 

Environment 61,324 .221 .415 0 1 Index providers 

Social 61,324 .007 .082 0 1 Index providers 

Governance 61,324 .014 .117 0 1 Index providers 

Dev. 61,324 .582 .493 0 1 Index providers 

Large 61,324 .956 .204 0 1 Index providers 

Excl. all 61,324 .123 .328 0 1 Index providers 

Excl. fossil 61,324 .471 .499 0 1 Index providers 

Excl. nuclear 61,324 .341 .474 0 1 Index providers 

MSCI 61,324 .667 .471 0 1 Index providers 

FTSE 61,324 .050 .217 0 1 Index providers 

Value 61,324 .024 .154 0 1 Index providers 

Low vol. 61,324 .058 .235 0 1 Index providers 

Tracking error  61,324 .132 .14 0 .775 Author’s computation 

gGoogleTrend 60,751 .020 .653 –4.615 4.344 Google 

YPT 61,324 2.166 1.518 1 8 YPFS 

gOxCGRT 60,751 .038 .156 –.628 3.876 Oxford U. 

gEMV 60,751 .005 .47 –1.978 1.978 Eco. Policy Uncertainty 
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Table B. Correlation Matrix. 

Variables (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) (14) 

  (1) COVID 1.00              

  (2) Impact 0.00 1.00             

  (3) ESG High 0.01 0.16 1.00            

  (4) Environment 0.02 0.15 0.19 1.00           

  (5) Social 0.01 –0.01 0.09 –0.04 1.00          

  (6) Governance –0.00 –0.02 0.07 –0.06 –0.01 1.00         

  (7) Dev. –0.03 –0.02 –0.19 –0.20 –0.10 –0.02 1.00        

  (8) Large –0.00 0.03 0.09 0.09 0.02 0.03 –0.13 1.00       

  (9) Excl. all 0.01 0.02 0.23 0.06 –0.03 –0.04 –0.01 0.03 1.00      

(10) Excl. fossil 0.00 0.15 –0.00 0.09 –0.08 –0.11 0.04 0.03 0.40 1.00     

(11) Excl. nuclear 0.00 –0.05 0.54 –0.02 –0.06 –0.09 0.00 –0.03 0.52 –0.10 1.00    

(12) Value –0.00 –0.02 –0.12 –0.08 –0.01 –0.02 0.09 –0.02 –0.02 0.01 0.01 1.00   

(13) Low vol. 0.01 –0.04 0.20 0.08 0.16 0.10 –0.10 0.05 0.04 0.16 –0.06 0.15 1.00  

(14) Tracking error 0.00 0.02 0.51 0.16 0.20 0.15 –0.27 0.08 0.33 0.15 0.27 0.05 0.41 1.00 

 

Variables (1) (2) (3) (4) (5) (6) (7) 

(1) COVID 1.00       

(2) MSCI –0.01 1.00      

(3) FTSE 0.01 –0.32 1.00     

(4) gEMV 0.05 0.00 –0.00 1.00    

(5) gOxCGRT 0.02 0.01 –0.00 0.07 1.00   

(6) gGoogleTrend 0.02 –0.00 0.00 0.04 0.02 1.00  

(7) YPT 0.18 0.02 0.05 –0.05 –0.02 –0.04 1.00 
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Table C. SR versus benchmark indices during the Covid-19 crisis: percentile 

This table reports some descriptive statistics on SR stock index daily returns, during the Covid-19 crisis (Jan.-May 

2020). The sample includes 573 stock indices from MSCI, STOXX, and FTSE and their benchmark. It provides 

successively the number of SR index (#), the average daily return and some percentiles (minimum, 10, 25, median, 75, 

90 and maximum). All figures (except the number of indices) are in percent. In Panel A, results are for all SR indices 

and breakdown by time periods: Crisis (Jan 2 to May 29, 2020); Outbreak (Jan. 2-Feb. 21), Fever (Feb. 24-Mar. 20), 

and Rebound (March 23- May. 29); and Pre-crisis (January to December 2019). In Panels B and C results are for the 

whole period (Crisis). In Panel B results are broken down by geographical coverage (RoW = rest of the world). In Panel 

C results are broken down by type of SR indices (the categories are defined in the text). 

    # Avg. Min P10 P25 Median P75 P90 Max 

Panel A. All indices, by period 

Crisis SR 573 –0.11 –19.89 –2.78 –0.90 0.05 0.95 2.16 15.81 
 Bench.  –0.11 –19.89 –2.84 –0.90 0.05 0.96 2.19 15.75 

Outbreak SR 573 0.05 –7.97 –0.87 –0.34 0.04 0.52 0.89 4.30 
 Bench.  0.04 –7.99 –0.87 –0.36 0.03 0.51 0.89 3.83 

Fever SR 573 –1.84 –19.89 –7.09 –3.64 –1.69 0.71 2.75 13.17 
 Bench.  –1.86 –19.89 –7.09 –3.72 –1.73 0.73 2.86 15.16 

Rebound SR 573 0.42 –13.80 –2.37 –0.82 0.38 1.58 2.81 15.81 
 Bench.  0.43 –13.61 –2.36 –0.80 0.41 1.58 2.76 15.75 

Pre-crisis SR 573 0.09 –6.08 –0.74 –0.28 0.09 0.50 0.92 6.76 

  Bench.   0.08 –6.10 –0.75 –0.27 0.09 0.50 0.92 7.06 

Panel B. All the period (Crisis: Jan. 2 to May 29, 2020), by geographical coverage 

World SR 179 –0.11 –15.73 –2.57 –0.81 0.06 0.86 2.15 9.88 
 Bench.  –0.11 –11.49 –2.63 –0.81 0.06 0.88 2.25 8.63 

Europe SR 161 –0.15 –19.89 –3.17 –0.92 0.10 1.07 2.09 11.00 
 Bench.  –0.15 –19.89 –3.29 –0.91 0.09 1.09 2.12 11.00 

N. America SR 94 –0.06 –15.89 –3.31 –1.09 0.10 1.13 3.09 11.81 
 Bench.  –0.06 –15.62 –3.27 –1.02 0.11 1.1 3.03 12.20 

RoW SR 139 –0.12 –19.32 –2.29 –0.91 0.00 0.83 1.89 15.81 

  Bench.   –0.12 –19.42 –2.29 –0.91 0.00 0.83 1.90 15.75 

Panel C. All the period (Crisis: Jan. 2 to May 29, 2020), by type of SR index 

Impact SR 12 –0.09 –13.91 –2.83 –0.92 0.04 0.93 2.24 9.72 
 Bench.  –0.09 –13.91 –2.85 –0.95 0.05 0.91 2.35 9.72 

ESG High SR 264 –0.12 –19.23 –2.79 –0.92 0.05 0.95 2.16 15.20 
 Bench.  –0.11 –19.23 –2.87 –0.91 0.05 0.95 2.21 15.20 

ESG Low SR 309 –0.11 –19.89 –2.78 –0.89 0.05 0.96 2.17 15.81 
 Bench.  –0.11 –19.89 –2.79 –0.90 0.05 0.96 2.18 15.81 

Environment SR 127 –0.10 –15.90 –2.76 –0.89 0.07 0.94 2.19 11.41 
 Bench.  –0.10 –15.90 –2.79 –0.87 0.06 0.94 2.21 11.41 

Social SR 4 –0.22 –15.31 –2.84 –0.96 0.14 0.95 2.07 7.64 
 Bench.  –0.11 –15.31 –3.04 –0.91 0.20 0.99 2.14 7.64 

Governance SR 8 –0.14 –14.89 –2.57 –0.87 0.09 0.90 1.99 11.81 
 Bench.  –0.09 –14.89 –2.91 –0.83 0.07 0.95 2.13 11.81 

Excl. all SR 70 –0.11 –16.99 –2.71 –0.92 0.04 0.95 2.22 11.41 
 Bench.  –0.11 –16.99 –2.79 –0.90 0.04 0.95 2.23 11.41 

Excl. fossil SR 272 –0.12 –19.89 –2.83 –0.93 0.05 0.97 2.21 14.72 
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 Bench.  –0.12 –19.89 –2.86 –0.94 0.05 0.98 2.25 14.72 

Excl. weapons SR 459 –0.12 –19.89 –2.79 –0.92 0.05 0.96 2.18 15.81 
 Bench.  –0.11 –19.89 –2.84 –0.91 0.05 0.96 2.20 15.81 

Excl. tobacco SR 304 –0.11 –19.89 –2.79 –0.93 0.04 0.97 2.22 15.20 
 Bench.  –0.12 –19.89 –2.85 –0.93 0.04 0.96 2.22 15.20 

Excl. nuclear SR 194 –0.10 –19.23 –2.73 –0.91 0.04 0.95 2.21 15.20 
 Bench.  –0.11 –19.23 –2.81 –0.90 0.04 0.95 2.21 15.20 

Dev. and Em. SR 151 –0.12 –15.73 –2.62 –0.83 0.07 0.89 2.03 10.21 
 Bench.  –0.11 –15.73 –2.72 –0.82 0.07 0.91 2.14 10.21 

Dev. SR 333 –0.10 –19.89 –2.92 –0.94 0.06 0.99 2.30 11.81 
 Bench.  –0.10 –19.89 –2.93 –0.94 0.06 0.99 2.31 11.81 

Em. SR 89 –0.15 –19.32 –2.49 –0.90 0.00 0.92 1.93 15.81 
 Bench.  –0.15 –19.32 –2.46 –0.91 0.00 0.93 1.89 15.81 

Large cap. SR 548 –0.11 –19.89 –2.75 –0.90 0.05 0.95 2.14 15.81 
 Bench.  –0.11 –19.89 –2.80 –0.89 0.05 0.95 2.18 15.81 

Mid cap. SR 524 –0.11 –19.89 –2.73 –0.89 0.05 0.94 2.12 15.81 
 Bench.  –0.11 –19.89 –2.77 –0.89 0.05 0.94 2.17 15.81 

Small cap. SR 181 –0.13 –18.06 –2.86 –0.92 0.07 0.97 2.21 11.81 
 Bench.  –0.11 –18.06 –2.94 –0.94 0.07 0.99 2.25 11.81 

Value SR 14 –0.13 –15.89 –2.92 –1.02 0.01 0.94 2.36 10.62 
 Bench.  –0.16 –15.89 –2.99 –1.12 0.00 0.94 2.45 10.62 

Low Vol. SR 34 –0.16 –16.16 –2.62 –0.86 0.05 0.86 2.03 10.21 

  Bench.   –0.10 –16.16 –2.96 –0.94 0.08 0.98 2.31 10.21 
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Table D. The performance of SR index during the Covid-19 crisis: subsamples 

This table corresponds to Table 3 Panel A column 1 (All period) broken down into geographical areas: North-

America, Europe, the Rest of the World (RoW) and World.  

 North 

America 

Europe RoW World North 

America 

Europe RoW World 

Constant   0.0066*   0.0003   0.0037*** –0.0076***   0.0046   0.0053*   0.0074*** –0.0006 

  (0.0034)  (0.0014)  (0.0009)  (0.0015)  (0.0038)  (0.0027)  (0.0021)  (0.0025) 

Benchmark   0.9984***   0.9809***   0.9875***   0.9465***   0.9982***   0.9811***   0.9874***   0.9468*** 

  (0.0031)  (0.0041)  (0.0043)  (0.0096)  (0.0031)  (0.0041)  (0.0043)  (0.0095) 

SMB –0.0022 –0.0052   0.0062*   0.0168*** –0.0033 –0.0027   0.0078**   0.0200*** 

  (0.0108)  (0.0033)  (0.0037)  (0.0044)  (0.0108)  (0.0032)  (0.0034)  (0.0048) 

HML   0.0282**   0.0027   0.0045   0.0196***   0.0295**   0.0001   0.0031   0.0164*** 

  (0.0120)  (0.0036)  (0.0035)  (0.0060)  (0.0119)  (0.0035)  (0.0034)  (0.0056) 

MOM   0.0065   0.0040   0.0085**   0.0027   0.0072   0.0028   0.0079*   0.0014 

  (0.0060)  (0.0034)  (0.0041)  (0.0025)  (0.0059)  (0.0036)  (0.0041)  (0.0026) 

COVID       0.0022** –0.0052** –0.0045** –0.0060*** 

      (0.0010)  (0.0021)  (0.0021)  (0.0014) 

No. Obs. 9,661 16,507 14,261 18,393 9,661 16,507 14,261 18,393 

No. SR index 94 161 139 179 94 161 139 179 

R-squared 0.990 0.9765 0.9776 0.949 0.990 0.9766 0.978 0.9496 
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Table E. The performance of SR index during the Covid-19 crisis: policy reaction 

This table corresponds to Table 4, column 1-4 with additional controls: the log growth-rate of GoogleTrends 

terms “Covid-19” and “coronavirus”,  (gGoogleTrend), the Yale Policy tracker (YPT), the log-growth rate of the Oxford 

stringency index (gOxCGRT) and the log-growth rate of the Infectious Disease Equity Market Volatility tracker 

(gEMV).  

 All period Outbreak Fever Rebound 

     

Constant –0.0126 –0.0529*** –0.0444   0.0158 

  (0.0079)  (0.0101)  (0.0329)  (0.0108) 

Benchmark   0.9777***   0.9702***   0.9817***   0.9791*** 

  (0.0032)  (0.0042)  (0.0036)  (0.0039) 

COVID –0.0034*** –0.0025   0.0127*** –0.0044*** 

  (0.0009)  (0.0019)  (0.0040)  (0.0011) 

Impact   0.0064   0.0010   0.1297*** –0.0380*** 

  (0.0100)  (0.0157)  (0.0472)  (0.0100) 

ESG High   0.0042 –0.0005   0.0433** –0.0072 

  (0.0046)  (0.0061)  (0.0213)  (0.0070) 

Environment   0.0052   0.0127** –0.0267   0.0114** 

  (0.0040)  (0.0053)  (0.0185)  (0.0053) 

Social –0.0534   0.0130 –0.1671 –0.0553* 

  (0.0436)  (0.0442)  (0.1059)  (0.0336) 

Governance –0.0171   0.0069 –0.0141 –0.0353 

  (0.0246)  (0.0221)  (0.0750)  (0.0230) 

Dev.   0.0011   0.0072** –0.0127   0.0085** 

  (0.0025)  (0.0032)  (0.0117)  (0.0039) 

Large   0.0181***   0.0204***   0.0395   0.0066 

  (0.0065)  (0.0077)  (0.0307)  (0.0088) 

Excl. all –0.0032   0.0038 –0.0210 –0.0020 

  (0.0077)  (0.0104)  (0.0319)  (0.0104) 

Excl. fossil   0.0105**   0.0042   0.0309*   0.0063 

  (0.0041)  (0.0044)  (0.0160)  (0.0048) 

Excl. nuclear   0.0104*   0.0009   0.0189   0.0132* 

  (0.0055)  (0.0063)  (0.0242)  (0.0076) 

Value   0.0428***   0.0056   0.0930   0.0481*** 

  (0.0116)  (0.0094)  (0.0590)  (0.0157) 

Low vol. –0.0403*** –0.0072   0.0721 –0.1080*** 

  (0.0145)  (0.0151)  (0.0603)  (0.0175) 

Tracking error –0.0820***   0.0577** –0.3368*** –0.0745** 

  (0.0217)  (0.0280)  (0.1111)  (0.0358) 

gGoogleTrend –0.0071*** –0.0030 –0.0276*** –0.0020 

  (0.0022)  (0.0029)  (0.0082)  (0.0023) 

gEMV –0.0098*** –0.0046** –0.0417***   0.0160* 

  (0.0022)  (0.0019)  (0.0094)  (0.0084) 

YPT –0.0055***   0.0110*** –0.0123** –0.0041** 

  (0.0011)  (0.0035)  (0.0050)  (0.0018) 

gOxCGRT   0.0032   0.0227*** –0.0673**   0.0038 

  (0.0079)  (0.0068)  (0.0277)  (0.1181) 

     

No. Obs. 58,629 19,842 10,882 27,905 

R-squared 0.972 0.938 0.975 0.965 
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Table F. The performance of SR indices during the Covid-19 crisis: cross-sectional analysis 

This table shows how SR indices performed during the Covid-19 crisis. The sample period is Jan. 2, 2020 to May 29, 

2020. The dependent variables (daily) are, successively, the benchmark-adjusted return, the abnormal return, the 

volatility spread (i.e., the difference between the volatility of the SR index and its benchmark) and the tracking error. 

The key explanatory variable is COVID, which is the growth of the cumulative Covid-19 log-cases in the investment 

area of the SR index. The regression also includes specific observable features of SR index: Impact, ESG high, 

Environmental, Social, Governance, Developed countries (Dev.), Large-cap (Large), exclusion (all, fossil and nuclear), 

Value, Low vol., and the tracking error in 2019. All regressions include index providers dummies (not reported). White-

robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.  

 All period Fever 

 Bench. 

Adj. 

ARs Volatility 

Spread 

Tracking 

error 

Bench. 

Adj. 

ARs Volatility 

Spread 

Tracking 

error 

Constant –0.0034   0.0013*   0.0046   0.2271***   3.1150   0.1730***   0.0977   0.4966*** 

  (0.0023)  (0.0008)  (0.0088)  (0.0590)  (2.2109)  (0.0578)  (0.0795)  (0.1300) 

COVID –0.0009   0.0050**   0.0808 –0.1476 –0.0272 –0.1038*** –0.0530 –0.0848* 

  (0.0082)  (0.0022)  (0.0575)  (0.2118)  (0.0190)  (0.0332)  (0.0382)  (0.0503) 

Impact –0.0019 –0.0010   0.0127 –0.0450   0.1064***   0.1714** –0.2803**   0.0719 

  (0.0016)  (0.0008)  (0.0105)  (0.0938)  (0.0384)  (0.0675)  (0.1227)  (0.1866) 

ESG High   0.0028**   0.0007 –0.0004   0.1871***   0.0413*   0.0877***   0.0583   0.2166*** 

  (0.0013)  (0.0005)  (0.0068)  (0.0363)  (0.0218)  (0.0280)  (0.0431)  (0.0606) 

Environment   0.0015   0.0008   0.0022   0.0335 –0.0256 –0.0216   0.0260   0.0694 

  (0.0011)  (0.0005)  (0.0050)  (0.0296)  (0.0190)  (0.0210)  (0.0361)  (0.0500) 

Social –0.0157**   0.0006 –0.0645***   0.5387*** –0.1680 –0.4099***   0.2440   0.8859** 

  (0.0076)  (0.0009)  (0.0222)  (0.2029)  (0.1100)  (0.1467)  (0.2975)  (0.3844) 

Governance –0.0030   0.0020* –0.0314   0.3149*** –0.0153 –0.1312   0.0219   0.5367*** 

  (0.0051)  (0.0012)  (0.0203)  (0.1092)  (0.0776)  (0.1178)  (0.1520)  (0.1939) 

Dev.   0.0025*** –0.0011***   0.0026 –0.0848*** –0.0175 –0.0210   0.0140 –0.1681*** 

  (0.0009)  (0.0004)  (0.0039)  (0.0194)  (0.0132)  (0.0187)  (0.0260)  (0.0345) 

Large   0.0028***   0.0008 –0.0041 –0.0298   0.0308 –0.0199 –0.0094 –0.0602 

  (0.0010)  (0.0005)  (0.0059)  (0.0542)  (0.0318)  (0.0206)  (0.0488)  (0.0920) 

Excl. all   0.0048** –0.0002   0.0103   0.2022*** –0.0235   0.0011 –0.0449   0.3174*** 

  (0.0019)  (0.0008)  (0.0101)  (0.0493)  (0.0327)  (0.0416)  (0.0600)  (0.0807) 

Excl. fossil   0.0003   0.0005   0.0037 –0.0085   0.0338**   0.0608*** –0.0070 –0.0307 

  (0.0010)  (0.0004)  (0.0052)  (0.0260)  (0.0162)  (0.0232)  (0.0267)  (0.0414) 

Excl. nuclear –0.0014 –0.0004 –0.0046 –0.0049   0.0197   0.0054 –0.0507   0.0079 

  (0.0013)  (0.0005)  (0.0074)  (0.0444)  (0.0251)  (0.0284)  (0.0417)  (0.0746) 

Value   0.0082***   0.0014   0.0278   0.0829   0.0974   0.1707*** –0.0749   0.0783 

  (0.0022)  (0.0009)  (0.0208)  (0.0915)  (0.0616)  (0.0482)  (0.0824)  (0.1334) 

Low. Vol. –0.0161*** –0.0007 –0.1112***   0.4690***   0.0678 –0.1886*** –0.2330*   0.7712*** 

  (0.0030)  (0.0006)  (0.0179)  (0.0772)  (0.0618)  (0.0655)  (0.1274)  (0.1363) 

Tracking error –0.0342*** –0.0001   0.0293  –0.3395*** –1.0061*** –0.1582  

  (0.0073)  (0.0024)  (0.0347)   (0.1121)  (0.1647)  (0.2227)  

No. Obs 573 573 573 573 573 573 573 573 

Adj. R-squared 0.390 0.0199 0.250 0.493 0.0848 0.422 0.0576 0.453 
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Figure A. The density of returns of SR indices during the Covid–19 crisis 

This figure shows the daily return differential between the SR strategies and their conventional benchmark. The sample 

includes 573 SR indices from MSCI, STOXX, and FTSE between January 2, 2020 and May 29, 2020.  

 

 


